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SECOND ORDER ITO PROCESSES

JEROME A. GOLDSTEIN*

1. Introduction. A first order stochastic differential equation is any
equation which can be expressed symbolically in the form

dy(t) = mlt, y(£)ldt + ol¢, y(¢)ldz(?); 1.1

m and ¢ are called the drift and diffusion coefficients and z(-) is usually a
Brownian motion process. If m[¢,2]l=myx and ol¢,2]=0, where m, and
o, are constants, then this equation is called the Langevin equation, and its
importance has been recognized for some time in many problems of physics
and engineering. The rigorous interpretation and the development of the
corresponding theory of the y-process, with the Itd6-Doob approach to
stochastic integrals, comprises part of diffusion theor$; (i.e. the theory of
Markov processes with continuous sample paths) and is treated in detail in
the recent books of Dynkin [5] and Skorokhod [18]

The following related problem has received little attention thus far. It
concerns the simple harmonic oscillator driven by a Brownian disturbance
(i.e. “white noise”), given by the symbolic stochastic equation

dy'(t) + 2ay’()dt + BPy(t)dt = dz(t),

where y’ denotes the sample derivative of the y-process describing the posi-
tion of the particle, the z-process again being Brownian motion. This type
of equation leads naturally to non-linear extensions of the form

dy'(t) = mlt, y(t), y'(t)1dt + olt, y(2), y'(t)1dz(s). (1. 2)

In this paper we shall study the stochastic processes satisfying equation
(1. 2). The solution process, i.e. the y-process, will be called a second order
16 process following the terminology introduced by Borchers [2].
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28 JEROME A. GOLDSTEIN

The necessary preliminaries are presented in the next two sections.
Then the oscillation of the sample paths of the y’-process is studied with
the aid of some general results on stochastic integrals, which are then ap-
plied to the study of symmetrized stochastic integrals. Next, a local and a
global comparison theorem for the sample functions of second order Itd
processes are obtained; these results justify the use of the term “drift coef-
ficient” for m. The sample paths of the y’-process are shown to be
directly related to the sample paths of a Brownian motion process in case
¢ is non-random. Finally, the asymptotic sample function behavior of se-
cond order Itd6 processes is studied in the stationary case with the aid of
martingale theory.

2. Stochastic differential equations. Let (2, # ,P) denote a fixed
probability space on which all random variables are defined. E{x} denotes
the expectation of a random variable . R* =[0,%) and R" is n-dimensional
Euclidean space. The “o” variable will usually be suppressed when writing
random variables so that, for example, the stochastic process {z(t, -), t=R*}
will be written as {z(¢), £ € R*}. Two random variables z and y are identi-
fied if P{w: #(w) = y(w)} =1. All stochastic processes considered below can
and will be assumed separable (cf. Doob [4, p. 57)).
A stochastic differential equation is an equation of the form

dY(t) = M[¢,Y(t)ldt + S[t, Y(¢)dZ(¢),

the rigorous interpretation of which is obtained, via stochastic integrals, by
writing it in the integrated form
Y(t) = Y(t) + S;M[s, Y(s)]ds -+ S;S[s, Y(s)ldZ(s). @ 1)
Here {Z(#), t € R*} is a normalized m-dimensional Brownian motion (or
z}(’)
Wiener process): Z(t) = (: ), and {z(t), t € R*}, - -+, {24(2), t € R*} are
2 (t)
m independent one-dimensional Brownian motion processes, each with unit
variance parameter. M(-,+) maps R* X R" into R", and S(-,:) maps
R* x R" into the set of all real # X m matrices. If the i-th component of
M(t, z) is my(¢, x), if the i-th component of Y{#) is w.,(¢), and if the ij-th
component of S(¢,2) is ¢;;(¢,2), then the vector equation (2. 1) can be writ-
ten in the form
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bit) = vutto) + §, s, Yol ds + 33 [ oufs, Yoz (o) 2. 2)

i=1, ---,n The last term in this equation is a sum of (Itd) stochastic
integrals. = Equation (2. 1) or (2. 2) is to be solved for ¢ = ¢, The following
assumptions are made:

(A1) Each my(-, -) and each g¢;(-, -) are Baire functions.

(A2) TFor each z = R", each ¢ = R*, and each i, j,
ﬁﬂmA&xH2+I@A&xH%dS<cm

(A3) For each x € R™ and each ¢ e R*, S(¢,%) is a non-negative definite
matrix.,

(A4) For each T >0 there is a constant K(T) such that if ¢ €[0,7] and
2,y € R™ then

[my(t, 2) — m (¢, )5 louslt, %) — ot Y| < K(D) |2 — y|

for i=1, «++,m, j=1, - «+, m, where [2]| = (I‘Eloc,f)‘/2 is the Eucli-
dean norm of z = R™.

(A5) For i=1, -+, n, the random variable y,(#,) is square integrable
and is independent of the increments {Z(v) — Z(u), ty,<<u=<v < o},

Then there exists an essentially unique (vector) stochastic process.
{Y(t), t=¢,} such that equation (2.1) (or equivalently (2. 2)) holds with
probability 1 for each #=#, The ‘“essential uniqueness” means that if
{X(¢), t=t,} is another solution process, then Plw: Y(#,0) = X(¢,0)} =1 for
each t=#, Y(¢) is measurable relative to . (¢, ¢), the o-field generated
by the increments {Z(v)— Z(u), tc=<=u=<v=<1t} and Y(¢). Moreover,
{Y(#), t=1t,} is a (vector) Markov process. The transition function of the
Y-process is stationary if M(¢,2)=M(z) and S(¢,2)= S(z) are independent
of t. With probability 1, the sample functions Y(.,w) are continuous
functions from R* to R". For proofs see Dynkin [5] or Skorokhod [18].
The original study is due to Itd [14].

3. Second order It6 processes. These processes were introduced by Bor-
chers [2]. A second order Itd process is a stochastic process {y(f), ¢t € R*}
which satisfies the stochastic differential equation
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ay'(¢) = mlt, y(¢), y'(£)ldt + olt, y(2), y'(£)1d2(2).

Here {2(¢), t € R*} is a Brownian motion process with unit variance para-
meter. The exact meaning of the above equation is
t
y(t) = 40 + | v'(s)ds
\ \ (3. 1)
v(t) =y’ + | mls, y(s), v/(s)ds +  ofs, () v (s)1d(s),

the last integral being a stochastic integral. Equations (3. 1) are to hold
with probability 1 so that {y’(¢), ¢ € R*} is the sample derivative process
of {y(¢t), t € R*}. The following conditions are assumed to hold:

(B1) m(-, +)ye(+,+): R* X R*—— R' are Baire functions.
(B2) For each T'>0 there is a constant K(7) such that if # [0,7] and
if 2,y & R® then
0=<< |m(t, 2}, olf, 2)<< K(T)(1+ {%]3)'3,
lm(t, 2) — mlt, y), lo(t, 2) —o(t, )| <KD ]2z — yl.
(B3) y(0), ¥'(0) are square integrable random variables which are indepen-
dent of all the increments of the z-process.

Equations (3. 1) can be written as a vector stochastic equation of the
form (2. 1), where

Y(#) = g&%) s M(,&9) = (m(t:?fa 77))’

=@ e 70= ()

here {z(#), t = R*} is a (dummy) Brownian motion with unit variance.
parameter independent of the z-process and of Y(0). For notational simp-
licity we have taken as the initial time #,=0. The conditions (B1)—(B3)
imply the conditions (A1)—(A5), so there is an essentially unique solution
process {Y(t) = @(8)), tER"} which is a (vector) Markov process, and,
with probability 1, y(-,0) and ¥’(.,w) are continuous on R*. Moreover,
y'(¢) is the “mean square” (or strong LXQ, &, P)) derivative of y(¢), ie.

}‘1_17{)1 E{|ry(t + 1) —y(£) —y’(®)|?} =0, {E R*;

in addition, {y’(¢), ¢ € R*} is separable and measurable, and {y'(¢), 0<t=<T}
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is uniformly integrable for each T'>0. This was proved by Borchers
[2, Theorem 2. 1. The y’-process, which is the derived process of {y(¢),
t € R*} in both the strong (mean-square) and pointwise senses, can thus be
called the stochastic derivative of the y-process (following Borchers [2]).

4. Variation of the sample paths. The main results of this section
are valid for general diffusion processes which are solutions of equation
(2. 1) (with ¢, =0 for convenience). Thus these results also apply to second
order It6 processes (see Corollary 4. 4 for example). Applications will then
be made to symmetrized stochastic integrals.

Recall that for ¢t € R*, & (0,f) is the ¢-field generated by the random
vectors {Z(w) — Z(u), 0<u=<v=<t} and Y(0). We shall consider stochastic
processes {c(¢), ¢t € R*} for which the following three conditions are satisfied:

(C1) ¢+, ) is a measurable function on R* x 2 (thus {c(¢), £ € R*} is a
measurable stochastic process).

(C2) c(#) is &7 (0,1) measurable for each ¢ € R*.

(C3) P{a): S:cz(t, o)dt < w] =1 for each T >0.

Let {a,(t), t € R*}, {B;it), t € R*}, 1<i=<mn, 1=<j=<m, be stochastic
processes for which (C1)—(C3) hold. Let 0<a<b<<oo. Set

wlt) = | as)ds + 3 pusldnts), t=a i=1, - ,n,
a j=lWa

Suppose that
gra=to<<t;<<ooeo<tfp=0b (4. 1)

is a partition of [4,b] with norm [z| = max (f,., — ¢,).
0<p<h—1

Turorem 4. 1. Let the a~ and B;processes satisfy (C1)-(C3) and let the
w,~processes be defined as above. For i, j=1, « -+, n, the limit in probability of
k-1

23 (@a(Fper) — @s(£p) (25(Epar) — 2 (25))

p=0

as |z| tends to zero exists and equals

S puls)als)ds.

k=1

In particular, the limit in probability of
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2k—1

E) [2:(a + 27%b — a) (p + 1)) — x:(a + 275 (b—a)p)|?
as k—> oo exists and equals
[ pratsras
k=1lva ik

Proof. Observe that the second statement in the theorem is a special
case of the first (with i =j). Let = be a partition of [q,5] as in (4. 1).
Then by It6’s formula [13, Lemma 5, p. 62],

p+1) = %5(Ep)) (@52 pas) — 24(£5))

(t
= [ "Mde) — 2aneNlaste) + L2 e) — 2 sAn(eNes(e) e

3

(@

k3

-

17 oo — A @) + [4(6) = @ Bunle)} )

Ups| e NETHER

where 2,(r) = max {#;: ¢;<<¢}. Summing from p=0 to p =k—1 we get

L @ultpe) = 2ult) @ilt ) = wlt) — B[ Bl

= 113e) — M) + [20) — 2 (2eleNlste)l e

b

+3 g {[@i(e) — 2:(22(2))1B5,(2) + [25(r) — 2(2:())1B;r ()} d 2, (2).

r=1Jda

Next,
‘Sb[xi(f) — (A (r)]a;(r)de \2

= ([ 100 — autnte) 12de) (. 2 (2)ac)

by the Schwarz inequality. With probability 1 the second factor is finite
and the first factor goes to zero as |z] —> 0 by the Bounded Convergence
Theorem, since z,(-,0) is continuous and bounded on [a,b]. So

lim Sb {[zi(c) — 2:(Az(t)]a i) + [24z) — 2 {Ax(e)]ai{c)}dz = 0

|r|—0dea

with probability 1. Let
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Wz, 7; 7) = (2:(z) — B:(2:()) B (7).
To complete the proof it must be shown that SbW(n,r; 2¥dz,(r)—>0 in
probability as [z]—>0. By the sample contin‘:lity of the =,-process,
W(z, r; ©)—>0 with probability 1 as |z] —>0. To obtain the desired
result we appeal to the Dominated Convergence Theorem for stochastic
integrals [18, p. 191.  For this, it suffices to exhibit a stochastic process
{M(¢), t € R*} satisfying (C1)-(C3) such that

Wz r; )< M@)|, ast=<b,

with probability 1.
Let

M, () = max {z;{(n): 0=<u=<<t}.

Since almost all sample functions »,(:,e) are continuous on R*, M(-,e) is
continuous and monotone non-decreasing on R* with probability 1. Also
M,(¢) is a random variable for each ¢ € R* since the x;-process is separable.
Therefore, by a theorem of Doob [4, p. 60], M(-, ) is a measurable func-
tion on R* x 2. Furthermore, M(¢) is a function of {z,(u), 0==u<#} and
s0 is &7 (0, t)-measurable. Let

M(2) = My(t)B;.(2).

{M(t), t = R*} satisfies (C1) and (C2) since the M- and B;,-processes do.
Moreover, it satisfies (C3) because if T >0,

(70202, @)t = |02, )18 (4, ) 208
< MAT,0) | Bui(t, 0)dt < oo

with probability 1 by (C3) for the g;,-process. Finally, it is clear from the
definition of M(¢, ») that if ¢ & [a, b],

AW, 75 )] < | M)
with probability 1. This completes the proof.

COROLLARY 4. 2. Let the hypotheses of Theorem 4. 1 hold. Then there exists
an increasing sequence {ny, g -+ +} of positive integers such that
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2% —~1

lim X |#a+ 27"(b—a) (p + 1)) — 2,(a + 27"%(b — a)p)|®

k—co p=0

= 5 puttoas

with probability 1.
This follows immediately from the second part of Theorem 4.1 since

any sequence converging in probability has an almost everywhere conver-
gent subsequence.

Now let {Y{(¢), t € R*} be the solution process of the stochastic differ-
ential equation (2. 1) or (2. 2). Set

ay(s, o) = myls, Y(s, 0)], Biils, o) = a5, Y(s, w)].

Then {a,(#), ¢ € R*}, {B:4(t), t € R*} satisfy (C1)-(C3) so that by Corollary
4. 2,

2% 1

lim 3 15:(e+2-"b — @) (p + 1) — wula + 27"5(6 — a)p) *

=3 ("o, Y
j=lJa
with probability 1.

THEOREM 4. 3. If for each (t,x) € R* X R®, S(¢, ) is different from the zero
matrix, then the (vector) process Y, which is the solution of (2. 1) under conditions
(A1)-(A5), is of unbounded variation on every interval [a,b](a<<b) in R* with
probability 1. If for each (t,%)eR* X R™, the row vector (o;,(¢, %), + = +5 om(t, )
s different from the zero veclor, then the y-process is of unbounded variation on every
interval [a,b](a<b) in R* with probability 1.

Proof. Recall that the Y-process is of unbounded variation on [a,5]
with probability 1 if

k—
Supnpg IY(tp+1) ) — Y(¢, o) = a.e. [P]

where the supremum is taken over all partitions = of [4,5] as in (4. 1).
Let 0==a<b< o> be fixed but arbitrary. Let

Pi(w)=Sl;§}lo'§j(u,Y(u,m))du, i=1, -,
I(0) = {i: Pio)>o0].
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Let {ny, 7y ++ -} be as in Corollary 4. 2 and let 2, be the set of all w € £
such that Y(.,w) is continuous on [g,b] and

lim 5_{0 |4y, po )2 = Pi)y i =1, « = s 2
—c0 p=

where 7, = 2™ — 1 and
4y(i, p, k) = y(a+ 27"5(b — a) (p + 1)) — y;(a + 27"%(b — a)p).

Then P(2,)=1. Let »>0 be given. Then if v € 2, and i € I(w) there
exists a & = d(p, »,7) >0 such that

9:(2, @) — y(s, w) | <7Pi(o) (4. 2)

if 5, te[abl, |t —s| <3, because y,-,w) is uniformly continuous on [g, b].
Consequently there is an integer K, such that for k=K, 2-"*<§ and
so, for p=1, -+, 27,

lA?/(ly p’k)lzéﬂpi(m)ldy(i, Ds k)l (4- 3)

by (4. 2). Also there is a K, such that for k=K,
2 144G, ,)|* > Plo)f2.
Let K = K(y, w,7) be the larger of K, K;.. Then for each k=K,

2 149,01 =1 5 1490, 2, BIY2PAo) By @3
= (Pi(w)/2) (gPy(0)™ = 1/29.

Since >0 is arbitrary the following conclusions are valid: first, if I(e) is
non-empty for each o in a subset of 2, of probability 1, then

k-1

supy 2 [ Y{tps1 ) — ¥t 0)| = 00

=0

with probability 1; second, if { € I(0) for each w in a subset of £, of pro-
bability 1, then

-1
supnpz;) 19:(2pt15 @) — Yi(Epy @) = 0

with probability 1. Theorem 4. 3 is thus proved.
An immediate consequence of this theorem is
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COROLLARY 4. 4. Consider the second order Itd process described by equations
(3.1). Suppose o(t,&n)+=0 for each t,&5. Then the sample functions y'(+,w) of
the derived process are of unbounded variation in every interval [a,b] with 0<<a<<b
< o with probability 1.

The results stated in Theorems 4.1 and 4.3 contain the results of
Wong and Zakai [21]. See also Berman [1], Fisk [9. The idea of the
proof of Theorem 4. 1 is due to Wang [20].

THEOREM 4. 5. Let the lyzpbtheses of Theovem 4.1 hold. Let g be a real-
valued function, continuous on R, such that ¢g(0) =0 and ¢''(0) exists. Then the
limit in probability of

-1
p:{;:x) g(mi(tp‘rl) - xi(tp))
as |z| —> 0 exists and equals
g'(0) (,(b) — »;(a)) + 271¢"(0) élSiﬁikz(S)dS-

If we set i =7 in Theorem 4,1, then the resulting statement is the
special case of the above theorem obtained by setting g(x) = 2. On the
other hand, Theorem 4. 5 is actually a consequence of Theorem 4. 1. The
proof can be constructed along the lines of the proof of the corresponding
result in Wang [20]. The details are omitted.

One of the drawbacks of the Itd stochastic integral is that it does not have
the same formal properties as ordinary integrals. For example, in the formula
for integration by parts, extra terms appear (see [4, p. 443], [14, p. 41).
For a particular example, we note that if {z(¢), £ = R*} is a normalized
Brownian motion process with z(0) =0, then

ZS:z(s)dz(s) = z(#)? — 2¢.

Stratonovich [19], Fisk [8], and Gray and Caughey [12] have (apparently
independently) introduced a “symmetrized” stochastic integral which has
the formal properties of ordinary integrals. Theorem 4.1 has an intimate
connection with the theory of symmetrized stochastic integrals. Before point-
ing out this connection we shall recall briefly the definition and some pro-
perties of symmetrized integrals. Out discussion follows Fisk [8].



SECOND ORDER ITO PROCESSES 37

Let { &, t € R*} be an increasing family of sub o-fields of & and let
{M(t), t = R*}, {N(#), t = R*} be stochastic processes such that M(¢) and
N(z) are & -measurable for each ¢ € R*. For definiteness we shall suppose
that {M(2), &, te R*} and {N(¢), &, t < R*} are sample continuous
martingales. (More generally, the M- and N-processes can be quasi-martin-
gales [7], [8]. TYor a different generalization, see Meyer [16, pp. 72-162].)
If = is a partition of [g,b] © R* as in (4. 1), then the stochastic integral

b k-1
(I SEN(i)dM(l‘) = 1];1&0 EON(tp) (M(t p+1) — M(2,))
will be called an It6-Doob integral and it exists as a limit in probability.
The stochastic integral

©f Nwam = lim 2N 2y) + NlEpr) (M(Eper) — Mi2)

| =0 p=0

will be called a symmetrized iniegral and it exists as a limit in probability.
The integration by parts formula for symmetrized integrals is valid:

(S)SZN(t)dM (#) + (S)SZM(t)dN(t) = N(b)M(b) — N(a)M(a).

If 7 and its first two derivatives are bounded continuous functions on R,
then

S (M) — f(M(a)) = (S)S:f'(M(t))dM(t)-

These formulas are not valid for Itd6-Doob integrals. If the M-process is a
Brownian motion process, then [(1 ) SzN(s)dM(s), G, t ER*} is a martin-
0

gale, whereas {(S)S:N(s)dM(s), G, te R“} is not a martingale in general.
It seems that for some purposes it is preferable to use Itd6-Doob integrals,
whereas symmetrized integrals are better suited for other purposes. For a
discussion of the physical interpretation of the difference between Itd-Doob
and symmetrized stochastic integrals, see [12].
The connection between the two types of stochastic integrals is given by

the formula

b

©f. Nwamn =0

a a

N dM(t) + SZdN(t)dM(t)

where
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[LaN@AM® = tim 5 (N (Ege) = N(E,) (M(2p0) — M(1,)

Theorem 4. 1 enables us to evaluate this expression explicitly if {N(¢), t€R*}
and {M(t), ¢t € R*} are components of solution processes of stochastic differ-
ential equations of the type (1. 1). In particular, Theorem 4. 1 enables us
b
to evaluate (S)S #,(¢)dz(¢) (where the ;- and z-processes are as in Theorem
b

4. 1) by evaluating (I)S %.(8)dz(¢).
5. Comparison of second order Itd process trajectories.

For i =1, 2 let {y,(¢), t € R*} be a second order Itd process with drift
and diffusion coefficients m; and o, and with the same Brownian distur-
bance z. In other words, for i =1, 2,

vlt) = 3.0) + { 9is)ds
Yi(t) = 910) + | mls, Yilo)ds + { ols, Vils)ld(s)

and (B1)-(B3) hold. We shall prove a theorem (Theorem 5. 1) which states,
roughly, that if the initial conditions are the same, i.e. ¥,(0)=¥,(0), ¥1(0)=y3(0),
and if my; <m,, then y,() < y,(t) and yi(#) < y4(#) for 0 <t < h with proba-
bility 1, where % is a positive random variable; if in addition o(¢, &, )=0(t, )
is independent of &, then y,(¢) <y,(#) and y{()<yi(t) for 0 <t <oo with
probability 1. Since y,(:,») may be interpreted as representing the position
of a diffusing particle as a function of time, Theorem 5.1 implies that
increasing the drift coefficient (#) has the effect of giving the particle a
“push” in the positive direction. So this theorem “justifies” the use of the
term ‘‘drift coefficient” for m.

Recall that ¢ is called a stopping time for the z-process if : 2——>]0, 0]
and for each s e R* the event {v: z(0) > s} (=[c > s]) is independent of the
increments {z(¢) — 2(r), t=r=s}.

TuEOREM 5, 1. Let {y,(t), t € R*} be two second order Itd processes as above.
Suppose that my, ms, o are continuous and that for each positive number c there are
constants « >1/2 and C >0 such that if t € R+, z,, 2, R?, and |z|, [2,] =<c,
then

[o(t, ) — olt, ;)| << Clw; — x,]°. (5. 1)
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Suppose also that m(t, x) <my(t, ) for all (t,x) € R* X R2

(a) Let « be a stopping time for the z-process suck that Yi(z(e), )= Y(c(0), o)
Jor almost all (a. a.) w €[c <o),  Then there exists a positive random variable
ho such that

(l/é(l‘, o) > yi(t, 0)) and Yolt, ) > y1(t’ m)

Jor z(w) <t <tlw) + ko) for a. a. o c[r<oo).

(b)  Suppose that y,(0) < y,0), y;(0)=<y4(0) with probability 1 and that o(t,&,7)
=o(t,y) is independent of €.  Then for a. a. o < Q there is a number h(w)>0
such that yy(t, ) > yi{t,0) for 0=t < hiw); moreover,

yit,0) =yt 0) and yz(t,a))>y1(t,w)

Jor all t >0 with probability 1.

This theorem will follow from the general result presented below and
from the existence and uniqueness result quoted in section 3. Note that if
z=0, then the condition Y,(z) = Y,(r) in part (a) means that the two second
order Itd processes have the same initial conditions.

For i =1, 2, let {Y*(#), £ € R*} be the solution process of the stochastic
differential equation

Yi(t) = YH(0) + S:M*‘[s, Yi(s)lds + S:S[s, Yi(s)1dZ(s).

(A1)-(A5) are assumed to hold. Note that S and the Brownian motion Z
are the same for the Y'- and Y*processes. For the rest of this section the
j-th [or jk-th] component of a vector [or matrix] quantity will be denoted
by a subscript j [or jkl.

TuEOREM 5. 2. Let Y'Y, Y2 be as above. Suppose that M', M?% S are
(gointly) continuous on R* X R™.  Suppose that for eack ¢>0, T >0, there are
constants o = a(c, T) > 1/2, C = Clc,T) > 0 such that

[Siplts &) — Siplt, y)| = Cla —y|*® (5. 2)

whenever t =[0,T, |z]<<¢, |yl=<c, p=1, -+, m. Here j is a fixed integer
between 1 and n.  Suppose that Mp(t, x) < MpA(t,z) for all (¢,2) € R* X R*. Let
© be a stopping time for the Z-process.

(a) If Ye(w),w) = Yir(w), 0) for a.a. o &c<<owl, then there is a positive
random variable h, such that Yt,0) <YAt o) for (o) <t <clw)+ hio) and
a.a o€c[c<<cxl
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(b) Suppose that (5. 2) is replaced by the more restrictive inequality
[SJp(t!x)—Sip(t9?/)léclxj_yj[a (5- 3)

Jor ty 2, y, p, jasabove in (5. 2)., If Yi{c(w),w)=YHc(o),w) for a. a oclr<e],
then there is a positive number h(w) suclz tizat Yit, 0) <Y, 0) for (o)<t
< l{w) + klw); moreover, Yit,0)<YA(t,0) for clo) <t <eo. These statements
hold for a. a. o &€[r<oel »

Let us first prove Theorem 5. 1 assuming the validity of Theorem 5. 2.
For t € R+ and z = (&) € R* set j =2,

v = () s =@ sidm)s M0 = () 20 = ()

where the z,-process is a (dummy) normalized Brownian motion process
independent of the z-process and of Y'(0), Y*0) as in section 3. If the
hypotheses concering m;, o in Theorem 5.1 hold, then so do the corres-
ponding hypotheses concerning M‘, S in Theorem 5. 2 hold. (If 4(¢, &, %)
=g¢(t,y) is in Theorem 5.1 (b), then (5. 1) implies (5. 3).)

Let the hypotheses of Theorem 5.1 (a) hold. Then ¥i(t,0)>yi({, 0)
for a. a. o €[r <] and «(w) <t < hy(w) by Theorem 5. 2 (a). Integration
vields v,(t,w) > y.(f,0) for (o) <t <hyw) and a a we[r<e], and so
Theorem 5. 1 (a) follows.

Now let the hypotheses of Theorem 5. 1 (b) hold. Let z(0)=inf{z=0:
yi(t, 0) = yi(t, o)} "Then = is a stopping time for the z-process (and hence
for the Z-process), and by the continuity of the sample paths and the fact
that y7(0)=<:(0), we have y;j(c(0),0) = yi(c(0),0) for a.a. o &[c <] By
Theorem 5. 2 (b), there is a positive constant i(w) such that y}(¢, 0) > yi(¢, )
for (o)<t <tlw) + hlw); also ¥3(t,0)=yi(t,0) for (o)<t <os. These
statements are valid for a. a. o &[c <], Integrating with respect to ¢
yields the conclusion of Theorem 5.1 (b) for a.a. o =[cr<e]. But for
any o € [r <<eo] for which y}(-,®) is continuous, i =1, 2, we have y;{{,0)
> yi(t,w) for all £ € R* by definition of ¢« and also ¥,(t,) > y.(t,0) for all
t € R* by integration. So Theorem 5.1 (b) follows.

The proof of Theorem 5. 2 is long and complicated. The theorem is
a multidimensional extension of Skorokhod’s result, which corresponds to
the case n = m =1 (see [18, Chapter 5] and [17]). The basic ideas of the
proof are the same as in Skorokhod’s work, but there are several impor-
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tant differences. A detailed proof is given here for the sake of completeness
and reference.

Proof of theorem 5. 2. The proofs of parts (a) and (b) are the same
except for slight changes, mainly notational. We shall prove part (b) and
indicate the changes necessary for the proof of (a). The w-variable will
not be displayed in what follows.

Let 7>0 be fixed but arbitrary. For notational convenience set

Az<t) - Mi[t’ Yz(t)]9 Bl(t) = S[¢, Yz(t)]y i=12

Let the hypotheses of Theorem 5. 2 (b) hold. For s R+ set ¥(s)=1 if
and only if

(i) s=v,

(i) inf{A2u) — Afu): c=<u=<s} > 271 (Ac)—Af), and ¥(s)=0 other-
wise. {¥(s), s € R*} is a stochastic process. For k>0, ¢>0, s& R* set

¥i'(s) = I (Sl;p (1Y (@) + |Y*(@) | ) oo, 73(8) i, e+2(8)¥ (s).

Here I; is the indicator function of the set G. The following lemma is
the key result to be used in the proof.

Lemma 5.3.  Under the above hypotheses, if
2150 = (BN B1y(s) — Bip(s1dZ(s),
then

T k-1 S"jl 235 = 0
P=

k—0

with probability 1.

Proof. Here S means Sm, but it can be taken to be ST since ¥.°(s)
1}

0
contains the factor Io,7ys). For p=1, - --, m we have

E{[[e(s)B.s) — Biy (142, 5)[ |
= E[Sllfk”(s)lijz(s) ——B,-pl(s)lzds} by the stochastic integral isometry

sczE[Sw;(san(s) - Y,‘(s)l”ds] by (5. 3)
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= cg{({wesras)=([we) 1 v9) —Y/(s)|2ds) | by Holder’s inequality

.éCZGE[Zlfk”(s)}dsy_a(SE[wk”(s)[Yﬁ(s) - Y (s)lz]a'syL by Hoélder’s inequality

= e ({Ewes)1 Y79 — Y (9)12)ds) (5. 4)
by the definition of ¥(s). In the above computation, the fact that
WS (s)? = ¥,°(s) was used several times. The first time Hélder’s inequality
was used, it was used in the form || fgll, << |If1l.lIgll, with a= (1 — &)™, b=a,
= and g=0y|Y2~Y**. The second time it was used in the form
ELfgl= EV[fIE/ 1] with a=(1—a), b=a?, f=([pe@an, and

g=(S@”kc(t)lez(t)—Y,-‘(t)[”dty; and Fubini’s Theorem was used several
times. (In proving part (a), (5. 2) should be used instead of (5. 3); then
the subscripts j should be erased from the right hand side of (5. 4). )

Since (};‘i ap)zémé‘.l ag, it follows from (5. 4) that
B{| 33 [#(s) (Bis*(s) — Bt () dZy(o)
= mCZk"“GE {w,:(s> Y A(s) — YA(s)] 2}azs)“. 5. 5)

Observe that ¥,°(s) =1 if and only if

(i) sup{|Vi(®)] + [Y3)]: 0<t=<s}=<c,
(11,) sE [05 T] N [T,T + k],
(i) #(s) = L.

Let # =[0,s1. Then clearly (i) holds for #. (ii’) holds for # if and only
if u=<, in which case (iii") also holds for u., Therefore, if u=<s,

Ti(s) =1 implies T (u) = Iie, si(u). (5. 6)
For a. a. we[r<<ea], YY) = Yz), and so for a. a. such o, we have

8
T

YHs) — Yis) = | (470 — Apw)du + 31 (Byyu) — By )dZ,(u)

for s=z(w). (In proving part (a), this equation should be replaced by

vi(s) - ¥'(s) = | (4%0) — Aw)du + [ (Bw) — Bu)azw).)

8
T
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Hence, using (5. 6),
TESHYAs) — VSN = T(9)| Bt A0 — A (w) du
+ 310 () BBy ) — By 0)dZ,(u) . 7)

for a. a. o <[r <o} for which s=z(w)., But if s<<w) or If welr =]
then both sides are zero, so (5. 7) holds with probability 1.

Since a continuous function on a compact set is bounded, there is a
constant H such that

Ip,a(le]) (1M'(s, 2)| + | M(s, %)) o, 7i(s) < H
for all x € R*, s € R*.

Let 2;,(k) be as in the statement of the lemma and let L(k) = ﬁlljp(k).
=
Note that it is required to show that ’Ein(;lk—lL(k)=0 with probability 1.
We have

E{1L()12) = mC%| { B@(3)|Yis) — Y9) s | by . 5)
< MU, + T . 8)
where
7= Blwe | [ wewiam — apmyanl)as,
T2 = E{re )| vew 585,10 — By wpaz, [ as
by (5.7) and the trivial inequality (e + 0)?=<<2(a® + 5%). Hence
E{|LI)"} < 2*mC(]* + 7).
But
VW) A W) — Ap(w)| < HU ()
by the definition of the constant H. Therefore
n={E@ss) HEyds < He. (5. 9)

Next, let

L) = || 00 3 (Bay@) — Byy w)dZ,(w)

p=1
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= || e 0 ) 21 (Bys*) — Byt dZy ).

Then {L,(k), s R*}, being a sum of m independent martingales, is a
martingale (see [4, p. 445), [18, p. 21]). Consequently

E{]L(k)|?} < c,k"™* + czk‘““[SE{W(S)ILs(k) lz}ds:r (5. 10)
where ¢, = 2°*mC2H**, ¢, = 2**mC? (cf. (5. 8), (5. 9)). Note also that

[z L) 12ds < Bsupl| Lk e: 0=s<T).
Recall that if {X(¢), ¢ =[0,7T]} is a square integrable martingale, then

Ef{sup|X(s)|?: 0=<s<<T} <<4E{| X(T)]%} (6. 11)

(see [18, p. 91, [4, p. 317)). Since {L k), 0<s=<T} is a square integrable
martingale, it follows from (5, 10), (5. 11) that

E{|L(E)|2} << ¢,k + csk[E{| Lo(k)]*}]" (5. 12)
where ¢; = 2%,. Set u(k) = E{{L(k)|?}. Then, by the stochastic integral
isometry and the independence of the Z,-processes,

E{ La(h)|? = B{{Tie,n1 () 0 )| 3(Bitw) — Byt [ |

p=1

= E{[#200)| 33(B1* 1) — By 0) [ | = E(ILGI7).

It follows from this and (5. 12) that
v(k) < ¢ k' + caklv(E)]°. (5. 13)

Let p(k) = k"*°(k). We claim that there are positive constants D, § such
that

plty<D if 0o<k=<s. (5. 14)

To prove this, suppose it is not true. Then there is a sequence {k;}
of positive numbers such that k,——0 and p(k,)—>co as {—>oo. Let
1/2<pf<a=<1 and let

D,={{2): t<=10,T], 2 =€ R" [x]=<c}.

By hypothesis, |S;,| is bounded on D, say by C,, and if (t,%), (t,9)€ D,
p=1, - -+, m we have, by (5. 3),
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[Si(ts #) — Siplts )| = Cla;— ys]* < Cla;—y,1* if |o;—y,l <1,
ISsp(t, @) — Siplt, y)| <2C, <2C, w5 — y;1° if |z;— gl > 1.

Hence
lsl'p(t9 x) - Sjp(t, y)] = Col Ti— yjIB

where C,=max(C,2C,). The point is that without loss of generality it
may and will be assumed that e <1. (In proving part (a), the subscript
j should be erased in each =, y; in the above equations.) Dividing both.
sides of (5. 13) by [u(k)I’k*"** and letting k = k;, we obtain

Le(k)T™* < e p(B)T® + csk,® ™.

Since e« <1 and p(k;) —> oo, the left side of the above inequality tends to
o as {—>oco, But since @ >1/2 and p(k;) —> oo, the right side tends to
zero as i —>oo, This is the desired contradiction, and so the claim (5. 14}
is proved.

Let

Gy(s) = Iro, (s o, 1 (sup (1YHw)| + [Yu)))¥(s) (Bsp*(w) — Byy'(ue))s

uLs

Wo(t) = §.Go(5)Z, ).
Note that W,(t) = W,(T) for ¢ =T. {W,(#), t € R*} is a martingale. Set
(k) = +k Then {W,(z(k)), k< R*} is a martingale by [18, p. 9. Since
25p (k) = Sf[r.r+k] (s) Go(s)AZ,(s) = W y(z(k)) — W ,(<(0)),

it follows that {1;,(k), k=R*} is a martingale. Hence {L(k) =§‘i A5p(E), k= R*},
being a sum of independent martingales, is itself a martingale. By (5. 11}
and (5. 14), if 0<k,=<4, then

Efsup|L{k)|2: 0=k =<Fk,} <4E{|L(ky)|?} =4 Dk,"**. (5. 15)
If 27t <k, then k*=<2%, and so

Plsup |k L(E)| > ¢t 27 = k=27}

= P{sup|L(k)| >q¢g72"": 0<k=27}

=¢?2"*E{sup|L(k)[?: 0<k=27"} by Cheioyshev’s inequality

< 2 D(2) e by (5. 15)

= 16Dg22 "™,
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But a>1/2, and so ziqzz'““'“ converges; hence by the Borel-Cantelli
g=

Lemma [4, p. 104], it follows that %11‘{)1 kL(k) = 0 with probability 1.  This
completes the proof of Lemma 5. 3.

Proof of Theorem 5. 2 (continued). Note that by the definition of ¥;° we
have

T (e + BB AL () — A7 (w)du

=¥, (e + B| T2 (Ake) — Afe)du
= 2T e + B) (A7) — Ajt(e)). (5. 16)
Therefore,
Tl +B) (Y + k) — Yz + k)

= Tle + 1) () (A7) — Af(w)

+Tle + )| T @) 3 (Bis ) — Byy'w))aZy(w) by 6.7)

p=1

=k (2 -+ k) {274 A x) — Af() + BL(E)} (5. 17)

by (5. 16) and the definition of L(k). For a.a o s[r<oo], Afc)> AMz)
by hypothesis and k'L(k)—>0 as k—>0 by Lemma 5.3. For such o
there is a positive number i{w) such that

kL) <4 Af(r) — AfT)

for 0 <k < k(w). Therefore the right side of (5. 17) is strictly positive for
0<k<h(w) and T(c+k) =1. But for a. a. we[c<co] there are positive
numbers ¢, k, (depending on w) such that ¥+ k) =1 for 0<k<k,
This completes the proof of the first assertion in part (b).

Let

hy(w) = inf {t > 1 Y () <Y (8)}

if {t>7: YAt)<YA#)} is non-empty; otherwise set hy(w)=-co. Then
hy=h;— 7 is an a. e. positive extended real-valued random variable and
YAy <Y2(t) for t<t<<hy= hy+ 7 for aa oc [r<eo). (In fact, A, is
the first exit time after ¢ of a certain Markov process from a certain open
set. See below.) Thus part (a) is proved.
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We now complete the proof of part (b). Let r;(w) = oo if Y(#)<YA(¢)
for all ¢t €[r, o] or if c(w) = c=; otherwise let r,(0) = inf{z: Y;i(t) > YA(#)}.
By the continuity of the paths, Yj(r;) = Y3(,) for a.a. w€[r;<=]. But
7, is the first entrance time after « of the Markov process {(Y*(#), Y*(#)),
t € R*} into the open set {(x,%): %, ¥y = R, z;>y;}. Hence by [5, Chap-
ter 4] 7, is a stopping time for the (¥?,Y?-process and hence for the Z-pro-
cess. By the first part of part (b) of the theorem (with =, in place of <),
for a. a. o €[r;<<os], we have Y () <Y2(¢) for r, <t <h, where hya) > 0.
Thus we have a contradiction unless P[r; <eoo]=0. This completes the
proof.

6. Moments of second order Itd processes. For notational conveni-
ence let

my(t) = mlt, y(t), ¥ (1)), oot) = olt, y(t), ¥'(¢)]

for a second order Itd process. Then equations (3. 1) take the form
¢
y(2) = y(0) + Soy’(S)ds

y'(8) = 30) + | mols)ds + [ auls)das).

(B1)-(B3) are assumed to hold. In this section the mean and variance of
y(t), y'(¢) are computed since these statistics yield some information con-
cerning the y-process and the derived process for large #. The elementary
properties of stochastic integrals will be used without specific mention (see
[4, Chapter IX]). First,

ELy/(2)] = Ely'O)1 + | Elm(s)1ds, 6 1)
Ely (1)) = ELy(0)] + | Bly’(s)1ds. 6. 2)
Next,
') =y OF = [ [ mo)ds [ +[[ae) a0 | +2{ matw) auf o)azts)
so that
Ety'®) — v’ O = E{[{ msas T} + [ Etatisnas

since
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E {S:mo(u) duS:oo(s)ds] - S:E [S:qo(s)mo(u‘) da(s)}du = 0

by Fubini’s Theorem, since the expectation of a stochastic integral is zero.
(For a discussion of Fubini’s Theorem when stochastic integrals are involv-
ed, see Chapter 3, section 3 of [2].)

Let Var(X) denote the variance of a random variable X. Then

Varly'(1) — 4/(0)] = Ely'(6) — 5’ O)F} — Ey'() — y'(0)]
- [ o]+ [ ton s £ o]
= V| [ my(5)ds | + | Blotonas. (6. 3)
For the y-process,
y(6) = 4(0) = { [9/0) + [ mow)du + | oswrdztu) ds
= 19/ + [ [ mowdsdu + | sswdsdatu)

t t
0 ]

= 1y’ (0) + S (¢ — u) my()du + S (t — w)oou)dz(u).
One immediate conclusion from this is that

Bly(t) — y 0] = E[ty'0) + [ ¢ — wimy(w)au} . (6. 4)

This equality, which will be used in computing Var[y(¢) — (0)], also follows
easily from (6. 1) and (6. 2).
Let

A=ty + [t — wymudu, B =t — Jo(s)da(s).
Then
" E{ly(2) — y(0)1*} = E[A*] + E[B"]+ 2E[AB]
But
ELB7 = (¢ — SFE{od(s)}ds

and
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E[AB] = tE [S:y'«)) (t — S)ao(s)da(s)] + S: (t —u) E [S:(t — Symw)ao(s)de(s) | du
=0,
Consequently,

Var(y(¢) — y(0)1 = E{ly(?) — y(0)]*} — E{y(¢) — y(0)]
= E{[ty'0) -I-S:(t — ) | | + S: (t — u)E{od(u)}du
— E{ty'0) + S:(t — umefa)du |

by the above calculation and (6. 4)

= Var[#/(0) + S:u — wmifu)du | + S:(z — w)PE{c(u)}du. (6. 5)

Also,
Varly'(#)] = Var[y'(2) — y’(0)1+ Var[y'(0)], (6. 6)
Var[y(¢)] = Var[y(¢) — y(0)] + Var [y(0)], 6.7

since ¥/(t)—y’(0) and y(¢)—y(0), which are measurable relative to the os-field
generated by {z(v) —z(u), 0==u=<<v=<1t}, are independent of y(0), ¥'(0) by
(B3).

In particular, suppose that ¢ is bounded away from zero, i.e. o(t,2) =7
for all (¢,2) € R* x R? and some 7>0. Then by (6.3) and (6. 5) — (6. 7),

Var[y/(1)]= Var [y’ (£) — y'(O)]ZS:E{aﬁ(u)}du =7,

Var[y(t)]= Varly(t) — y(0)]= S:(t — u)2E{ei(u)}du =1%1%/3.
Therefore Var[y'(#)] and Var[y(#)] tend to infinity as ¢ ——>oce. In parti-
cular, neither the y-process nor the y’-process can have a compact state
space.
Even if ¢ is not bounded away from zero, there are still cases in which

ltim Var[y'(£)] = lim Var[y(#)] = e~

For a simple example, let m=0 and y’(0) + constant; then

Var [y = Var[y(s) — (0] = Var [ 15/(0) + S:(t — wWmo(u)du |
= t2Var[y’(0)]]—> o~ as { —> oo,
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no matter what ¢ is.

7. The case of non-random o¢. In case o(f,2)=d(t), so that ¢ is a
function of ¢ alone, a more detailed analysis of the sample paths of a second
order Itd process can be given. An example of such a process is the solu-
tion process for the equation of the Brownian oscillator. In this case ¢=1
and m[t,§,9] = — 2ay — B%, where «, B are constants satisfying 0< a <8
For more information on this example see Edwards and Moyal [6] and, for
a generalization of [6], see Goldstein [11].

Proposrtion 7. 1. Let {y(2), t € R*} be a second order Iid process with
drift and diffusion coefficients m, o such that (Bl) — (B3) hold. Suppose that o is
a positive function of time alone, so that o(t,z) = o(t) >0 independent of = € R?,
and assume that S: du)du = oo,

(a) If m=0 then {y'(¢), ¢ € R*} is a Brownian motion process after a change of
the time scale.

(D) Suppose there is a positive constant v such that
wlt, x]l=7 [or mlt,2]<<— 7]

Jor all sufficiently large t and all ® € R%.  If also there is a 8,>0 such that
2 log log S:az(u)du < (T — 8y)%2

Sor all sufficiently large t, then

%im Y'(¢) = oo [tlim Y'(t) = — o],
lim Y(t) = oo [}im y(t) = —on]

with probability 1.

Proof. Let ¢: R*—(0,e0) be a Baire function which is bounded on
compact subsets of R*. Let & (s,¢) be the o-ficld generated by the incre-
ments {z2(v) — 2(u), s<u=<v=1t}. Let

t
2(t) = So olu)dz(u).
Then, for ¢t =s=0,

2(t) — 2(s) = S:o(u)dz(u)
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is & (s,t) measurable. It follows that the xz-process has independent incre-
ments. Moreover, by standard properties of stochastic integrals, {z(¢), t€R*}
is a martingale with continuous paths. Hence, by a well-known result [4,
p. 420], the =-process becomes a Brownian motion process after a scale
change. More precisely, let

&(t) = Var[z(s)] = E{[=()I}}.

Then &(#) = Staz(u)du, and ¢ is continuous and strictly increasing. If p=§1
is the inverseo function, then {b(¢) = x2(y(¢)), ¢t & R*} is a Brownian motion
process with unit variance parameter. This proves part (a).

It is easy to translate the sample function properties of a Brownian mo-
tion process to those of the x-process. For example, in case S: ocHu)du=eco,

then it follows from the Law of the Iterated Logarithm [15, p. 242] that

P—mx(t) =00, lim#(t) = —oco

t—c0

with probability 1. Also %(¢) — z(s) = b(&(¢)) — b(&(s)) is normally distributed
with mean zero and variance }[&(z) — &(s)] = Waz(u)dul. Hence x(t) — 2(s)
has all of R as its state space; so does x(¢) since x(0) =0.

Let the hypotheses of part (b) hold. Then

y'(2) = y'(0) + =(¢) + =(2) (7. 1)

t
where xo(t)=s ms,y(s), ¥ (s)lds and the z-process is as above. The z-
]
process is a Brownian motion after a scale change, so that its same function
behavior is well-known. By the hypothesis on m, given >0, there is a
Ty = To(0, ) >0 such that
2o(t) = (1 — &)t [or z,(8) << (7 — 8)¢]

for all ¢ =T, with probability 1. The hypothesis

(21log log ()2 < (1 — o)t
together with the Law of the Iterated Logarithm and the decomposition
(7. 1) imply

limy’(¢) = oo [or lim ¥'(¢) = — o]
o0 t

=0

with probability 1. - Integration yields
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lim y(t) = oo [or }Lm Y(t) = — o]

oo

with probability 1.

Hence, “consistent drift” implies that the velocity (y’—) and the
displacement (y—) processes both tend to = co as £ —> oo, the 4 sign being
the same as the sign of m for large i.

It seems likely that part (b) is true even if ¢ is non-random, but we
have no proof of this conjecture.

8. The stationary case: Associated semi-groups and martingales.
In this section the stationary second order Itd processes described by

¥(6) = 30) +  ¥(5)ds
, , (8. 1)
y'(6) = v'(0) +{ mly(s), v'(Nds +{ olu(s), v(s)1dals)
will be considered. (B1) — (B3) are assumed to hold. Here stationarity”
means that the Markov process [Y(t) =<Z£(tt)) , t & R*] has a stationary
transition function, and this is the case whenever mlt, & 5] and olt,,7] are
both independent of z.
Let & be the space of all real-valued continuous functions on R? that
vanish at infinity. (We could equally well treat the complex-valued case.)
% is a Banach space under the supremum norm. For fe & and x e R?

define

(7 ) (@) = E{f/TY()]IY(0) = o};
stated differently,

(Zih) @) =, FWP, 5,dy)

where P(t,z, G) = P{Y(t) € G|Y(0) = x} is the transition function of the Y-
process. {7, t € R*} is a strongly continuous contraction semi-group of
linear operators on & (see Dynkin [5, p. 349]). (In other words, the Y-
process is a Feller process.)

Let .97 denote the infinitesimal generator of {77, te R*}; fe D(),
the domain of &, and

f =lhim kN Twf — /)
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whenever this limit exists in the norm topology of &.

Let &2 be the collection of all twice continuously differentiable func-
tions which have compact support in R:.  Then %2c D(%), and for
fe &t and () € R,

() (& m) = 2776%(&, 1) (3°S109%) + ml&, ) (0F/a) + (2 f/9€). (8.2

For proofs see [5, p. 352].
We shall also consider the condition
(B4) m, o are uniformly bounded functions on R2
Let (B1) — (B4) hold. Let C be the set of all continuous real-valued func-
tions f on R? such that

Al = sup {{F(&nle-171: (§9) & R} <eo.
For t e R, x € R, and f < C define

(T.f) (@) = EUTY@NY O = o} = |, F0)P(t, @, dy).

r2

Then, as Borchers showed in [2], C is a Banach space under the norm ||.||,
and {T,, ¢ € R*} is a (not necessarily strongly continuous) contraction semi-
group of linear operators on C. Define the infinitesimal operator A by

Af =lmh T f — ),

the limit being in the norm topology of C. The domain D(A) of A is the
set of all f e C for which the above limit exists.

If f=C, then we shall write f & Cy if and only if the following three
conditions hold:

(i) f has continuous second partials everywhere in R2,

(ii) There is a constant ¢ [0,1) (depending on f) such that
sup {{(D°f) (&n)lecl: (&) &€ R*} <eo,
where D®f stands for any derivative of f of order two or less.
(iii) There is a compact set S c R (depending on f) such that f
has continuous third partials in RZ\Sband

sup {{(D°F) (&;m)le~cl?l: (&9) & RAS} <o

for each third order derivative D*f of f; here ¢ is the constant of condi-

tion (ii).
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Borchers [2] proved that C, < D(A) and

(Af) (& n) = 27%6*(&, ) (8F07%) + ml&, 1) (3f]an) + (3 f]3€)

for f =] C(g), (&,77) = R2?,
In fact, in the general case in which m, ¢ are time dependent and
(B4) is replaced by

(B4) m, ¢ are uniformly bounded on R* X R2,
then, using ideas similar to those in [2], it can be shown that for f e Cg,
te R+’ (5977) =3 sz
}1'1_!}3 YT, t R~ )&y
= 27'6%(t, &, ) (0% f[09%) + m(t, &, ) (3f|ay) + 5(@f]o8)

where for ¢ [0, s],
(T(t,8) 1) (& n) = E{SIY ()Y (2) = (6,9}
= SRZ Slu,v) P(¢,(&7); s, dudv)

and P(-., -; +, -)is the transition function of the (non-stationary) Markov
process {Y(#), t € R*}.

TaeoreMm 8. 1.  Consider a second order It process described by (8. 1) for
which (Bl) — (B3) hold. Let g& D(.Y) satisfy either
(1) ~g=2
or
(I1);, g=19
Jor some real 2.  Then the corresponding stochastic process
), {lY()]—2t, ¢ € R
or
AT);,  {e~¥glY(t)), t < R*}
is a martingale. If =7 is replaced by “=7" in either (1), or (II),, then the

corresponding stochastic process is a submartingale if its random variables have finite
expectations (i.e. belong to LNQ, &, P)).

TrrEoREM 8. 2.  Consider a second order It6 process described by (8. 1) for-

which (B1) — (B4) hold, and suppose that E{el¥®} <oo, Let g D(A) satisfy
either
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(I. Ag=2
or

(II); Ag=12g
Jor some real 2.  Then the corresponding stochastic process

(I, {glY(8)]—2t, t € R |
or

(), {e~*gl¥Y(1)], t € R*}
is a martingale. If “ =" is replaced by “=" in either (1), or (II), then the
corresponding stochastic process is a submartingale if its random variables have finite
expectations.

Theorem 8. 2 is a reformulation of a result of Doob [3, pp. 190-191]
adapted to the case of a second order Itd process with a stationary transi-
tion function. Doob’s proof is valid without essential change for the present
case, using some estimates of [2]. The proof of Theorem 8. 2 is presented
below for completeness. Replacing A, T, in the proof by &7, 7, yields
a proof of Theorem 8. 1.

Proof. Let 6>0, t[0,0], and g D(A). Then

(To-c9) [Y(£)] = E{glY(D)]IY(#)} by stationarity

= E{glY®)IY (s), s=<t}
by the Markov property. Thus (T,-.0)[Y(#)], for 0<¢ <, is the conditional
expectation of ¢[Y(b)] with respect to an increasing family of s-fields, and
hence {(T,-.9)[Y(#)], t €[0,b]} is a martingale if its random variables have
finite expectations. If (II), holds, so that Ag=1g, then T, = e¥g since
each of T.g and e#*g is the unique solution of {(d/dt) f(t) = af(¢), F(0)=g.
The reasoning is similar in case (I), holds. Consequently, if (II), holds,

(Ty-29) [Y(2)] = erbe~4g[Y(#)].
It follows that {e-*g[Y(#)], # =[0,b]} is a martingale as soon as it is shown
that E{]g[Y(#)]|} <oe for each ¢ & R*, (This is trivial in the case of Theo-

rem 8.1 since g is bounded.) Letting b—>co, the desired result is then
obtained.

Since Y(¢) = @%2))’ we have

[olY ()] < llgllelv &,
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and hence
E{lglY()1l} < gl E{elv®1},

Thus it suffices to show that E{e/¥®} is finite. According to a lemma of
Borchers [2, p. 96],

Elelv®l} < K,elv ®] (8. 3)

if y'(0) is a constant random variable, where K, = 2exp{tK(¢)(1 + K(2))/2}
and K(#) is the constant appearing in hypothesis (B2). In case ’(0) is not
a constant random variable, let F be its distribution function. Let w.(¢)
correspond to the constant initial value y4(0,0)=a. Then, for every Borel
set G of real numbers,

Ply'(t) e 61=|"_Plyut)  GldF(a)
and so

Elev®l} = Sm E{el®}dF(a)

<{" Ke“dF@) by (.3)
= KtE{e[ﬂ’(o)l} << oo

by hypothesis. This completes the proof.

So we wish to solve one of the equations Ag=21 or Ag=1ig (or a
similar equation with A replaced by &) and thereby obtain information
about {Y(¢), ¢ € R*} from the fact that a stochastic process closely related
to {g[Y(#)], ¢ € R*} is a martingale. If, for instance, g[Y(¢)] converges with
probability 1 as ¢#—>es, then what can be said about the asymptotic
sample function behavior of the y- and y’-processes? It seems that any
such analysis depends on knowing the solution function g explicitly.

The next result is a non-existence theorem which shows that Theorem
8. 1 is useless. That is, every solution g in & of wg=21 or of Yg=1ig
is identically zero (if o(z)>0 for each z < R?). On the other hand, we
shall later derive some useful consequences of Theorem 8. 2 (see especially
Theorem 8, 5).

TueoreEM 8, 3, Let g= & be a classical solution of

2710%(E,7) (%/37) + mi&, ) (9gloy) + n(0glo€) = {4 (8. 4)
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where ¢ and m are continuous and ¢ is positive. Then g=0.

Note that any solution of .&7g= 2 or of .7g= 29, where 7 is given
by (8. 2), is a classical solution of (8. 4) since & is equipped with the sup-
remum norm,

Progf. 1If g= & satisfies (8, 4) with right hand side 1, then since
g(xy—>0 as [2] —> o=, we must have 21=0. Thus it suffices to consider
(8. 4) with right hand side 2g. Let v =max(,0). Let d>0 be given.
Since g vanishes at co, there is a K= K(§)>0 such that |g(§y)] <é if
&+ 92=K. By the extended form of the Maximum Principle [10, p. 38],
we obtain

lg(&,n)] <e’éd

for £+ 9*< K and hence for all (§5) e R%.  Since §>0 is arbitrary we
must have g==0.

Theorem 8.2 is thus better suited to the problem of determining
asymptotic behavior of the Y-process trajectories than is Theorem 8. 1, since
it permits in some cases an explicit computation of a solution of Ag=0
which can ‘“‘grow at infinity”’ (we have taken 2 = 0 for convenience). That
is to say, in the present case, it is necessary to work with the non-strongly
continuous semi-group {T;, ¢ < R*} rather than with {{Z;, ¢ € R*} in order
to get non-trivial results.

The next result deals with the special case m=0.

ProrosiTiON 8. 4.  Let (B1)-(B3) hold for a second order It process described
by (8. 1), and let m=0. Then {y'(¢), t € R*} is a martingale. Let Z be the
o-field genmerated by {y(s), s<[0,t1}. If also (B4) holds, then

E{y(t + ). 7} = y(t) + sy'(?)

Sor all t, s= R*. Suppose that ltim Elly" ()|} (which exists in [0,00]) @5 finife.
Then, as t —> oo, y'(t) converges with probability 1, say to y'(ee), and

lim (y( + 5) — ¥(s)) = s9/(>°) (8. 5%
with probability 1.
Proof. Since m=0,

y() = 4'0) = o5, 4(s), ¥/(5)1dx(s),
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and so {y'(¢) — ¥’(0), ¢ € R*} is a martingale; therefore so is {y’{¢), ¢ € R*}
a martingale.

If & is as in the proposition, then & is alsoAgenerated by {y'(s),
se[0,£]}; and {y'(¢), S, t = R*} is a martingale. Let s, ¢t € R*.
Then if ¢ is bounded,

£+
t

Ely(t + )17 = E{un) + | v wau = |

=yt + E[| v du) 77

= y(f) + E[}g& ésn-ly'(t +isn )| } (8. 6)
= y(t) + lim E{é’]1 su Yt + isuV)] F7 } (8. 7)

(the justification for this interchange is given below)

= y(t) + lim 3} suiy'(8) = y(t) + su"(2). (8. 8)

#n—>00 1=1

(8. 8) follows from (8. 7) since {y(t), Z;, t < R*} is a martingale. To see
why (8. 7) follows from (8. 6) let

X=ylt+9)—ylt), X=X sny(8)

where ¢, =¢+isn% It must be shown that the random variable
lim E{X,| £} (which exists and equals sy’(¢)) equals E{X].&#;}. Since

E(|E{X,| &} — EIX| &} = E{|E{X, — X| Z; {1}
< E{|X, — X|} < E“*{|X, — X|?,

it suffices to show that lim E{|X, — X{?} =0. Now,
n—IQ

E(X, ~ X171 = B | Zony ) — | v dul]

= 2{ 5] witd - vrwnau ]
=nE(Z |[" wt) - vwaul]
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by the Schwarz inequality and the fact that ¢, — #,-, = su~l. Consequently
E(1X, - X1 = s 3 Ely'(t) — v du. 8. 9)
Since m =0, for v=u, using (8. 1),
E{ly'(w) — y"(w)|*} = Var {y'(v) — y'(u)} = SiE{az(y(r), y'(r)}dr
(see also (6. 3)). Hence, if K is a bound for %
Efly'(v) — ' ()|} < K(v — u).

Combining this inequality with (8. 9) we obtain

E(1X,— X1} =sKR [ (1o~ widn

i=1d8yy

n n
= sK2 ' 3V (#; — £;-1)% = sK2™! 21 s2n2 = $3K[2n —> 0
=

i=1

as n—>co. Thus (8. 7) follows from (8. 6) when (B4) holds.
If E{]y’(¢)]}, which is a monotone function of #, is bounded, then
lim y'(t) exists with probability 1 by the Martingale Convergence Theorem

[4, p. 3191 Let y'(c») be the limit random variable. Then for any fixed
s'e R+,

y(t + s) — y(t) = sy'(r) —> sy’(=)

as t—>oo (by the Mean Value Theorem) with probability 1. The y-
process increments thus become asymptotically stationary”’.

We remark that (8.5) is valid even if E{|y'(¢)|} —><= as long as
tli_)rgy'(i) = y'(eo) with probability 1. In this case {y’(¢), ¢ €[0,°]} need

not be a martingale.

THEOREM 8. 5. Consider a second order It process described by (8. 1) for
which (B1)-(B4) hold with o positive. Suppose that ply) = m&,5)/o™(&,n) depends
only on y.  Assume that m, ¢ are such that

(1) p is bounded

(ii) there exists ,>0 such that p’ exists and is bounded and continuous in

{n: Il =9l

Let g(&,7) = g(y) = SZ eXp{—-ZS:p(s)ds}dt .. Then ge Cyy and Ag=0. {gly’(1)],
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t € R*} is a martingale. Suppose that g[y'(¢)] converges with probability 1 as
t——>oo, Then y'(t) converges with probability 1, say to y’(c=), as t —> oo, and

lim (y(2 + s) — y(2)) = sy'(eo)
with probability 1 for each s & R*. (y'(eo) may take on the values & oo with
positive probability.)

Proof. Let the hypotheses hold. A function % will satisfy Az =0 if
and only if

(9*h[39%) + 2p(9) (3h[3n) + (29/0%(§, 7)) (9R[3E) = 0.
In case h(¢,9) = h(y) is independent of ¢, this equation becomes
B 4 2ph’ =0

where primes denote differentiation with respect to . The general solu-
tion of this ordinary differential equation is given by

7 t
C.+GC, So exp{~2$op(s)ds]dt;
setting C; =0, C, =1, it will follow that Ag =0 where

9&,9) =90 = S: eXp[—ZS:p(s)ds]dt

as soon as it is shown that g e Cy,.
To that end, let K/4 be a bound for p, so that |p(p)|<K/4 for all
real y. Let 2= Ky and k(2) = ¢(/K). Then

9" (9) + 2p(n)g’(n) = 0

for all real » implies

R (2) + 2r(2)K*h'(2) = 0

for all real 2z, where 7(2)= p(z/K). [r(z)K™'|<1/4 for all real z; hence
without loss of generality we can (and we shall) assume that K=1. Then

1g(&, 9)] < Slﬂletlzdt = 2(el1/2 — 1) < 2¢ln12
for all (¢,9) e R®&. From this and from the formulas

g'(p) = exP[—ZS:p(S)ds},
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72
g''(n) = —2p(p) exp [—ZSO p(s}ds],
g""() = {~20'(s) + 4p%)} exp{ —2{ n(s)ds),

it follows easily using (ii) that g € C, (with ¢ = 1/2).
Let

we) = oty = [ exp|—2| p(s)as]ar.

It follows by Theorem 8.2 that the stochastic process {h(f), ¢+ € R*} is a
martingale. Suppose that as ¢ ——> oo, A(¢) converges with probability 1.
Then, with probability 1, y’(¢) converges as #-—>eo, since g is a strictly
increasing function. Let y’(ee) =£1_r)r:o y'(); ¥'(e=) may take on the values
4 oo with posiﬁve probability. For any se R*, as in the preceding pro-
position,

lim (y(t + ) — y(t)) = sy’(==)

with probability 1, so that the y-process increments become “asymptotically
stationary”. (In this connection see the example given in [11, p. 85], [6,
p. 6771. )

Note that by the Martingale Convergence Theorem, A(¢) = g[y’(¢)] will
indeed converge with probability 1 if E{{g[y’(¢)]l} is bounded. The follow-
ing result gives a sufficient condition for this to happen.

Lemma 8.6. Let p be as in Theorem 8.5. Suppose there exist positive
constants v, C such that p(s)=71 for s=C and p(s)<—71 for s<—C. Then
the random variables h(?) = gly’(¢)], ¢ € R*, are uniformly bounded. }52 h(t) exists
with probability 1; let h(eo) denote this limit. Then Jor every r =1,

lim E{|A(t) — h(==)]"} = 0.

A simple example of a function p satisfying the hypotheses of this
lemma is given by p(s) = tan-'s.

Proof. Let the hypotheses of the lemma hold. Since p is continuous,
there is a constant N such that |[p(s)] <N whenever s€[—C,Cl. If s=C,

0= g(s)’ = S: exp[——ZX: p(u)du]dt
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< aneC 4 | eiriar < come 4 (ar)rear,
c

Similarly, if s=<—C,

0= g(s) = — Ce2NC — (27)te?rs,
Consequently, for all real s,
1g(8)] << Ce?NC + (21)te~27Ist << Ce2NC 4 (27)7,

Therefore, the random variables k(z) = g[y'(¢)], ¢ € R*, which form a mar-
tingale, are uniformly bounded and hence uniformly integrable. Therefore
by [4, p. 319], for every r=1,

lim E{| A(t) — k(==)|"} = 0

where k(o) is the a.e. limit of #(#) which necessarily exists. Moreover,
{A(t), t =[0,o0]} is a martingale and

h(t) = gly’(¢)] = E{h(=o)| h(s), s €[0,¢]}

for each ¢t & R*,

In Doob’s paper [3] the method of stopping times is used in developing
a boundary theory for one-dimensional diffusion processes. For higher di-
mensional diffusions with stationary transition functions, it is known that if a
vector process satisfying a certain stochastic equation is ‘“‘stopped”, it be-
comes the stochastic process described by a new stochastic equation (see
15, p. 354 f1.]). If {Y(t) = @58)), tER’f] is the vector form of a second
order Itd process, and if a stopping time applied to this process yields a
new process {X (1) = z;gg , I € R+}, the X-process will be the solution pro-
cess for a stochastic equation, but the z,-process will not in general be the
derivative of the w,-process. This is one of the reasons why the boundary

theory analysis applied in [3] does not extend automatically to the case of
a second order It6 process.
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Added in proof. The conjecture made at the end of section 7 is correct.

The proof depends on the following result. Let {a(¢), ¢ € R*} satisfy (C1)-
t

(C3) of section 4, and let z(¢) = SO a(s)dz(s). Define the intrinsic time « for

z by (¢, 0) = S: (s, w)ds. Then {y(¢,0)= 2@z, 0)0): 0<t<<t(o,w)} is a
Brownian motion. This theorem is proved in H.P. Mckean, Jr., Stochastic
Integrals, Academic Press, New York, 1969, pp. 29-31.



